
Are some prices more equal than others?
Spoiler: yes.

Hugo Jonker
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Team effort

• Benjamin: concept, experiment design, supervision, data analytics

• Godfried (his MSc project): PoC implementation, data acquisition
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Opodo.de

Opodo.com, mobile layout
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Challenges

• Data acquisition

• Eliminate / mitigate confounding factors

• Multi-platform synchronous data acquisition

• Item matching

• E.g.: London Heathrow: LHR. London Heathrow, Heathrow; 9PM=21:00

• Attribute normalisation

• Attribute changes (shift in departure time)

• Manual matching

• Code share flights (e.g., MH17 = KL4103)

• Attribute selection
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Multi-platform synchronous data acquisition!

• Multi-platform

• Because faking a platform is easily detectable

• Synchronous

• Because flight prices change over time

• Over a longer time span

• To ignore flukes

• ...but how?

Automated scrapers

Centrally driven

Scraping sites, apps
and mobile sites…?



24 / 46

High-level PoC concept
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Scraping data from phones

• Godfried Meesters

• Based on work by TH Köln students (supervised by Benjamin)

• +  Versatile
–  Requires per-app script...
     –  ...which may be broken by updates 
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Data acquisition

Thrice per day,
25 May – 2 July 2021
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Data set
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Takeaway 1: avoid Opodo’s french site

• A coauthor, paraphrased:
                                        “€87 vs €100? I’d choose the cheaper – that’s sufficiently significant.”
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 More results!
Any patterns?
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Pattern analysis
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Sidenote: eliminating confounding factors

• Tax differences                   would show up for multiple vendors, across the heatmap

• They don’t.

• Ditto: temporal effects.
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Pattern analysis
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Zooming in on Opodo, app vs website
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Takeaway #2: Opodo: check other platform

• Can save up to 50%
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Takeaway #3: last minutes on Expedia
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Conclusions

• Price differences do occur frequently

• Strong indications of platform-specific pricing

• Strangely, not per se rewarding customer loyalty (installing app)

• More data needed!

• Data acquisition is hard

• Many variables → moving target

• Paper writing is fun!



46 / 46

Thanks for your attention!


